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ABSTRACT

Decision analysis concerned with investments in fire safety is discussed. Particular
attention is directed at the treatment of uncertainty, the evaluation of consequences, and
the choice of a decision rule for use in this context. An approach involving use of a
decision rule based on the principle of maximising expected utility, together with a
complementary evaluation of the decision alternatives, is described, the latter involving
analysis of the uncertainty regarding the probabilities and consequences of different fire
scenarios.
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1 INTRODUCTION

The management of an organisation has the obligation towards the shareholders and other
interested parties, of managing effectively any risks that can threaten the organisation’s
goals. This involves making decisions concerning risk-reducing investments such as
investments in fire safety. The present paper deals with various aspects of decision
analysis concerned with investments in fire safety, both a decision rule and a method for
performing such an analysis being suggested. The paper will focus on the choice between
different fire protection alternatives for a given building. Note that what is of interest here
is the choice between decision alternatives, not the attempt to determine whether a given
decision alternative possesses certain necessary or desired properties, as would be the
case if one employed decision analysis to investigate whether an alternative met the
requirements of the building codes that apply. It is assumed that all fire protection
alternatives that are considered comply with the building codes that are applicable.

In the following section, the connection between risk analysis and decision analysis is
discussed. The practical benefits are pointed out of using a risk analysis of a particular
building as a point of departure when performing a decision analysis regarding possible
fire protection measures for a building. Section 3 deals with the treatment of uncertainty.
Section 4 is concerned with estimating and evaluating consequences within a decision
analysis. Section 5 deals with decision rules for the analysis of different fire protection
alternatives. In section 6, the decision method suggested is presented, together with a
real-world example. In section 7, finally, a number of conclusions are drawn regarding
the use of decision analysis for evaluating fire safety investment alternatives.

2 RISK ANALYSIS

It is assumed that the decision analysis is based on a quantitative risk analysis. If the
general framework for fire-risk analysis outlined by Hall and Sekizawa [1] is employed,
for example, the “fire risk” involved or the “outcome measure of fire risk”, is defined
according to Eq. 1. The term g(s’) in Eq. 1 is a function that transforms the severity
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measure s’ into the measure of interest in the risk analysis. For example, if s is the
monetary loss due to a specific fire scenario and the measure of interest is monetary
losses, then g(s')=s". P(s=s") in Eq. 1 refers to the probability that the severity

measure s’ will occur.
+00
Risk = j a(s")P(s = s') ds’ (1)

Since in practice it is likely that the risk measure will be based upon a finite set of fire
scenarios, Eq. 1 can be replaced by Eq. 2, in which # is the number of fire scenarios that
is deemed to be relevant in the building in question.

Riskzzn:g(si)P(s:s[) (2

i=1

If one performs a risk analysis using Eq. 2 one must have a number of different fire
scenarios that have been defined, together with the outcome measure and the probability
of occurrence for each scenario.

In using risk analysis as a point of departure for the decision analysis to be carried out,
there are (at least) three areas in which difficulties are likely to be encountered. These are
the evaluation of consequences for each of the different fire scenarios, treatment of the
uncertainty in the probability estimates and in the estimates of consequences, and the
choice of a decision rule. The choice of a decision rule is dependent upon the methods
one elects to use in performing the other tasks, and it is also that aspect of decision
analysis with which the present paper is most concerned. Because of its dependence on
the other aspects of decision analysis, it will be taken up last.

3  MANAGING UNCERTAINTY

The first difficulty in connection with decision analysis to be discussed here is that of
dealing with uncertainty regarding both the consequences and the probabilities associated
with them. When probabilities are used to describe uncertainty, it is necessary to first
define how the probability concept is to be conceived. The interpretation of probability
with respect to risk analysis has been discussed in [2], and with respect to fire-risk
analysis in [3]. Both authors involved suggest use of a subjective interpretation of
probability, meaning that probability is regarded as a measure of degree of belief. In the
present paper, the subjective interpretation of probability will be adopted. The reason for
this is (1) that this interpretation is used in the Bayesian decision theory, which is the
theory employed in the present paper and (2) it gives a flexibility to use other kinds of
information than purely empirical information, such as expert judgement, for example.

In endeavouring to estimate the probabilities of each of the uncertain events that affect
the outcome of a fire, it is often difficult to assign precise values to the probabilities in
question. This is because one usually does not have sufficient information regarding any
given probability to feel comfortable in expressing one’s degree of belief as a single
value. Instead, using a set of plausible values or an interval may seem more adequate.
From a Bayesian point of view, uncertainty regarding a specific probability value is
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expressed as a probability distribution representing one’s degree of belief regarding the
different probability values (See [4], for example). In expressing one’s belief regarding a
particular probability as a probability distribution, one can use Bayes’ theorem to
incorporate new information into one’s initial belief.

Bayesian methods can also be used to help the decision maker incorporate information
from other sources than those of his/her own judgements into the analysis, such as expert
judgements or fire statistics (see, [5], for example). In many cases, this helps
considerably in reducing the uncertainty (making the distribution less broad) regarding
the value of the probability in question. Although a large reduction in uncertainty can be
achieved by use of Bayesian methods, one still ends up with a distribution of probability
values that one needs to somehow make use of in the decision analysis. How such
probability distributions are dealt with in decision analysis is discussed in the section
concerned with decision rules.

4 EVALUATION OF CONSEQUENCES

The consequences of a fire can be expressed in many different ways, such as the number
of people whose health was affected by it, the value of the physical property that the fire
destroyed, or whatever. In analysing different fire protection alternatives in a building
that belongs to some particular organisation it is often convenient, assuming that all
alternatives comply with the building codes, to endeavour to assess the damage due to a
fire in terms of the intrinsic (negative) monetary value of the consequences as viewed by
the decision maker. Methods of differing degrees of sophistication can be used to arrive
at this intrinsic monetary value. One could use multi-attribute utility theory (see e.g. [6])
for example, to arrive at the intrinsic monetary value of each possible set of
consequences, or one could settle for less formal models and simply try to evaluate the
intrinsic monetary value for each fire scenario directly, without use of any formal
approach to the problem. One reason for using intrinsic monetary values to obtain
measures of relative preference for the different possible sets of consequences is that the
monetary scale is one that people are accustomed to, its thus providing an effective
means of communicating how good or bad the decision maker judges a particular
outcome of a fire to be.

In practice, one needs to decide which losses that should be part of the evaluation.
Obviously, monetary losses the decision maker is reimbursed for in case of fire should
not be treated as losses in the decision analysis. However, one needs to be careful in
considering the effects of insurance. Even with good insurance coverage there may be
losses the decision maker will not be reimbursed for. In [7] it is indicated that only some
40-60% of the actual losses due to a disaster are covered by insurance. Although the
amount of the losses covered by insurance obviously depends upon the building involved
and the insurance covering it, it is important to remember that considerable losses for the
owner may occur, even if the building has good insurance coverage.

A term that can be used to denote all losses due to a fire, including losses due to business
interruption, that the owner eventually has to defray is that of uncompensated losses.
Such losses can include lost market shares, fines, negative reputation, and the like. It is
very difficult to provide any general guidelines for the types of losses to be included in
the calculations. Rather, that needs to be investigated in the specific case. Once the
uncompensated losses have been identified, one needs to estimate their intrinsic monetary
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value. In doing so it is very likely, just as it was for the probabilities discussed above, that
one will feel uncertain regarding the value to use. Instead of expressing the value as a
precise number, it may be better to use an interval or a probability distribution to
represent one’s belief regarding the plausibility of the different values.

In working with practical applications, it is not always feasible to perform a complete
analysis of uncompensated losses, since this could involve disproportionate work efforts
in relation to the importance of the decision. It is useful, therefore, to distinguish between
different levels of analysis, the level chosen depending on how thoroughly the
uncompensated losses are to be investigated. A suggestion for how these levels of
analysis can be defined is provided in [8]. As indicated there, an analysis of fire safety
investment can be performed on at least three levels, that of (1) ignoring the increase in
safety and of basing an evaluation of the investment on parameters one is basically
certain about, such as investment costs, reduction in insurance premiums, maintenance
costs, etc., (2) taking account of all costs (and benefits) at level 1 and adding to this the
valuation of the risk reduction achieved by using a subset of the uncompensated losses in
the consequence estimations or any other losses for which the relation they have to the
uncompensated losses can be assessed, or (3) taking all losses at level 1 into account and
attempting to estimate all the uncompensated losses of importance.

Although which of the levels required depends on the problem at hand, it could be wise
to start an analysis at level 1 and then increase the level of analysis if it is deemed
necessary, since a higher level of analysis generally requires more work. A higher level
of analysis tends to “favour” decision alternatives representing safety investments, since
such investments generally decrease the probability of some of the fire scenarios that
have serious consequences and generally includes large uncompensated losses.

5 DECISION RULES

Having discussed some of the major problems and some of the possible ways of
estimating the probabilities and consequences involved in a decision analysis, one needs
to also consider the basis for evaluating the different decision alternatives.

In order to find a suitable decision rule, Bayesian decision theory will be examined to see
whether that theory can prove useful in the present fire engineering context. The
applicable decision rule for Bayesian decision theory is the principle of maximising
expected utility. This is a principle that has been used extensively in the context of
engineering (see [9], for example) and it has also been used in fire engineering (see [10],
for example).

Modern decision theory has its roots in work performed by Ramsey [11], von Neumann
and Morgenstern [12] and Savage [13], in particular. In these references, axiomatic
systems for comparing preferences for different acts with uncertain outcomes have been
formulated. The basic approach taken in constructing such axiomatic systems is to
formulate a number of rules (axioms) that seem intuitively reasonable for comparing
preferences between different acts with outcomes that are uncertain. From these axioms,
a number of important results can then be derived, such as the principle of maximising
expected utility (MEU). The MEU principle implies that a person who is willing to
follow these axioms in his/her decision making will evaluate decision alternatives
according to their expected utility and choose the decision alternative with the highest
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expected utility. Of the authors referred above, Savage has been called the principal
founder of modern decision theory [14], which is also termed Bayesian decision theory.
A review of the various theories of this type and of major aspects of modern decision
theory have been provided by Fishburn [14].

Before discussing whether the MEU principle is reasonable to employ in the present
context, it is useful to review some of the criticism that have been directed against
axiomatic systems of the type that Savage proposes. The criticism that are discussed here
are of two types: criticisms based on empirical investigations and criticisms directed
against the logical foundations of the MEU principle.

In the first category, criticisms based on empirical investigations, the perhaps most
famous criticisms of Bayesian decision theory are those made by Allais [15] and by
Ellsberg [16]. Of these two authors, the one whose criticism is most relevant in the
present context of fire safety would seem to be Ellsberg. Ellsberg’s basic criticism is that
in making choices between decision alternatives with uncertain outcomes, uncertainty
regarding the probabilities and the value of the outcomes appears to influence how people
choose. This type of uncertainty should, according to the Bayesian decision theory, not
matter for a decision. According to this theory the uncertainty regarding probability
values and consequence values should be expressed in terms of probability distributions
representing the decision maker’s belief regarding these values. In evaluating decision
alternatives within a Bayesian framework uncertainty regarding the probabilities (how
spread the distribution representing one’s belief is) does not affect the decision, the only
thing used in the evaluation of decision alternatives being the expected value (mean) of
the distribution representing one’s degree of belief. In the present context, nevertheless, it
is desirable to be able to distinguish between situations in which a decision maker is very
certain regarding his/her probability estimates and one in which he/she is not. For this
reason, the term “robust decision” is introduced. Robust decisions will be discussed
shortly.

The second category of criticism concerns the logical foundation of the MEU principle.
Malmnaés [17] shows that the axiomatic systems proposed by Savage [13], among others,
is too weak to imply the MEU principle. This is a serious criticism since it suggests that
there are other decision criteria besides the MEU principle that satisfy the axioms and
that the MEU principle is thus not a logical consequence of having accepted the axioms.
Malmnéds undermines in this way one of the strongest arguments for using the MEU
principle as a decision rule, namely that by accepting the axioms as rules for one’s
decision making one will then act as if one were evaluating decision alternatives
according to their expected utility. In another paper, Malmnis [18] examines the extent to
which it is possible to provide the MEU principle support in a different way, that of
showing that the rule does not give rise to counter-intuitive choices to any appreciable
extent, counter-intuitive in the sense of a decision rule’s evaluating an decision
alternative with uncertain outcomes in a way not supported by human intuition. Although
Allais [15], for example, has provided examples of situations in which the MEU principle
generates counter-intuitive choices, Malmnis concludes that any simpler rule than the
MEU principle gives rise to counter-intuitive choices to a greater extent than the MEU
principle does and that “...the prospects for finding an evaluation [decision rule] that is
much better than E(A,f) [MEU] are not particularly bright.”.
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As was indicated above, although considerable criticism has been directed against the
MEU principle, this decision rule still appears to be a strong candidate for being a
decision rule that can be used in connection with a quantitative risk analysis and at the
same time is practical for use in the present context. The rule may possibly be in need of
slight modification or require a complimentary evaluation of decision alternatives so that
those alternatives involving uncertainty regarding the probabilities and consequences can
be recognised. One way of doing this is to first evaluate all the decision alternatives using
the MEU criterion, so as to find the decision alternative with the highest expected utility,
which can be termed “the MEU alternative”. When this decision alternative has been
identified, it should be compared with the other decision alternatives in terms of the
uncertainty connected with the estimates of probabilities and of consequences. One way
of doing this would be to relate the uncertainty regarding the probabilities and
consequences to the value of the expected utility. Relating the uncertainty regarding the
probabilities and consequences to the value of the expected utility involves the expected
utility no longer being expressed as a single value but as a probability distribution. Thus,
comparing the MEU alternative with the other decision alternatives involves comparing
probability distributions rather than precise values.

In comparing the alternatives in terms of the uncertainty connected with the estimates of
probabilities and of consequences one is interested in the difference in expected utility.
Since the expected utility of a decision alternative is expressed as a probability
distribution, the difference in expected utility between two decision alternatives is also a
probability distribution. Expressing the difference in expected utility in this way makes it
possible to visualise the uncertainty regarding the value the difference has, and to take
account of this in the decision to be made. If the major part of the mass of the probability
distributions illustrating the difference in expected utility between the MEU alternative
and the other decision alternatives indicates the MEU alternative to be best, then the
decision is said to be robust, its otherwise being deemed not robust. What the “major
part” in the above sentence means is up to the individual decision maker to decide.
He/she might assume, for example, that a decision is robust if 95% of the resulting
distribution representing the difference in utility between two decision alternatives
indicates the MEU alternative to be best. The concept of a robust decision is introduced
here to provide an indication of how likely it is that the recommended decision alternative
(the MEU alternative) will change if a plausible degree of change in the probabilities and
the consequences should be made. To exemplify such an approach, consider a choice
between three fire protection alternatives for which the uncertainty regarding the values
of the probabilities and of the consequences in the model is expressed as distributions that
represent the decision maker’s belief regarding their values. Assume in addition that the
result when calculating the expected utility of the different decision alternatives is that
alternative 1 has the highest expected utility, followed by alternative 2 and alternative 3
in that order. Thus, according to Bayesian decision theory, alternative 1 is the decision
alternative the decision maker should choose. Assume, however, that there is not much
that differs between alternative 1 and alternative 2, and that in comparing the two
decision alternatives in terms of the difference in the expected utility (E(U;)-E(U,)) and
expressing the difference as a probability distribution, one can see that a slight change in
the decision maker’s belief could lead to alternative 2 being the best decision alternative,
as shown in the distribution termed A in Fig. 1. In that figure, the area of the probability
distribution to the left of the 0 value on the horizontal axis implies that alternative 2 is
best, since £(U;)-E(U,) is negative there. In this case, the decision to choose alternative 1
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would probably not be considered to be robust since a large part of the probability
distribution termed A in Fig. 1 implies that alternative 2 is best. In contrast, if one looks
at the distribution representing the difference in expected utility between alternative 1 and
alternative 3, as shown in the distribution termed B in Fig. 1, one notes that the situation
is quite different. There, the whole probability distribution representing the difference in
expected utility between the decision alternatives (E(U;)-E(Us)) is within the positive
region on the horizontal scale, so that if alternative 1 and 3 are the only decision
alternatives to choose between, deciding for alternative 1 would be considered a robust
decision.

A B
5 5
4 4
S g3
uy iy
> 2 52
o o
| 4(1"[[[”””—\ |
0 . 0
-1 -0.5 0 0.5 1 -1 -0.5 0 0.5 1
E(U1)-E(U2) E(U1)-E(U3)
Fig. 1 Probability distribution representing the difference in expected utility

between alternative 1, 2 and 3.

6 SUMMARY OF THE APPROACH

The approach suggested here for decision analysis concerned with investments in fire
safety is based on the extension of Bayesian decision theory presented in the previous
section. The treatment of uncertainty and the quantification of consequences were
discussed in section 3 and 4.

A real-world decision analysis will be used to exemplify the approach taken. The analysis
in question was conducted in 1998 at a firm called Asea Brown Boveri (ABB). It
concerned the possible investment in a sprinkler system for a building belonging to the
company. At the time, ABB was producing circuit cards for use in their robots and
automation systems in the building. The building was approximately 55.000 m” in size.
Since the analysis was quite an extensive one, involving more than 150 different fire
scenarios, only selected parts of it will be discussed. See Ref. 8 for a more comprehensive
account.

The first step in conducting the type of decision analysis described here (see Fig. 2, step
1) is to identify the decision alternatives involved and decide upon the time period of
concern. In the ABB case, there were only two decision alternatives: (1) keeping the
building in its current state and (2) investing in a water sprinkler system for the building
as a whole. The time period decided upon was one of 40 years. To determine whether
choice of this particular time period had any effect on which alternative was deemed best,
the same analysis was conducted for periods of 5 years, 10, etc., its being concluded that
the length of the time period had no effect.
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The next step is to determine what level of analysis to employ (step 2 in Fig. 2). This
involves deciding which losses are to be treated as uncompensated ones. In the ABB
case, it was decided that the total costs of the equipment destroyed and of the interruption
in business that a particular fire scenario entailed would be considered as uncompensated
losses. Although ABB would later be reimbursed for the loss of equipment and for a part
of the costs of the business interruption this sum was judged to be an appropriate measure
of the total uncompensated losses as seen in monetary terms. The analysis as a whole was
performed in accordance with the level 2 definition given in Section 4.

1. Define the alternatives and specify the time period of interest.

Choose the level of analysis (i.e. decide which losses to regard as

2. uncompensated losses).
3. Determine the costs of each of the alternatives.
For each alternative:
-Estimate the probability of the different fire scenarios.
4 -Determine the uncompensated losses for each fire scenario.
" |-Estimate the frequency of fires in the building.
-Calculate the expected utility (or Certainty Equivalent) for the time
period of interest.
5 Determine which alternative is the MEU alternative (i.e. the one with

the highest expected utility).

Determine how the uncertainty of the probabilities and of the
6. | consequences is related to the difference between the alternatives in
terms of expected utilities (or Certainty equivalent).

7. Determine robustness.

Fig. 2 The method of decision analysis suggested for decisions concerning
investments in fire safety.

Since the sprinkler system was the only investment considered in the ABB case, only
costs associated with that system needed to be included in the analysis. The sprinkler
system was estimated to cost $1.000.000 and annual maintenance of it $10.000 (step 3 in
Fig. 2).

The next step is to perform a risk analysis of each of the decision alternatives with the
aim of identifying a set of fire scenarios, their respective probabilities of occurrence and
their consequences in terms of uncompensated losses. This could be achieved, for
example, by use of an event tree technique in which the uncertain events judged to affect
the outcome of the fire are modelled. Which events to include in the event tree depends
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very much on the building at hand and the level of detail aimed at. In the ABB case, for
example, events involving the sprinkler system and the fire detection system, as well as
the building occupants and the fire department were used in the event trees. Evaluating
the uncompensated losses involves estimating a monetary value that is seen as equal to
each of the consequences. In the ABB case, this was accomplished by having the analyst
explain a particular fire scenario, in terms of the extent of fire spread, to people from
ABB and having them estimate the effect of such a fire in terms of uncompensated losses.
Examples of uncompensated losses associated with some of the fire scenarios considered
in the ABB case are given in Table 1. One can see that, so as to express the uncertainty
involved, numbers are given there representing the most likely, the minimum and the
maximum value respectively, for the consequences in question. These values are used to
create triangular probability distributions to represent the decision maker’s beliefs
regarding the losses to be expected.

Table 1 The uncompensated losses associated with different fire scenarios in the
ABB case. The fire scenarios apply to a fire compartment in which an
electronic workshop is located.

Uncompensated losses associated with the
fire scenario in question ($ thousand)
Minimum Most Maximum
Fire scenario likely
A fire is extinguished either by 5 10 15
employees or by the sprinkler system.
A fire of limited scope is extinguished 25 50 75
by the fire department.
An extensive fire is extinguished by the 533 1067 1933
fire department.
A fire completely destroys the fire 25920 32000 38720
compartment.

The next step is to evaluate the different decision alternatives. The basis for doing so was
discussed in the previous section, where it was concluded that the maximisation of
expected utility is the decision rule applicable here. The expected utility of a decision
alternative can be used to calculate the Certainty equivalent (CE) of it. The CE is a
monetary sum equal in value to that of some particular situation involving uncertainty
(see [19]). In this case, the CE is the (negative) monetary amount equal in value to
choosing a particular fire protection alternative, including the costs of the alternative and
the possibility of having one or more fires in the building during the time period of
interest (see Fig. 3). The CE can be considered to be a better unit than “expected utility”
for comparing decision alternatives, since it is expressed in terms of monetary value and
people are more likely to feel comfortable using monetary sums than using expected
utilities for comparison purposes. Note that whether expected utility or CE is used for
comparing the decision alternatives should not affect the end result, the alternative being
recommended being the same in both cases.

In order to calculate a CE here, one needs first to estimate how frequently fires will

occur. Estimating the frequency of fires in the ABB building involved use of Bayesian

methods, utilising the information that four fires altogether had occurred there during the
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years of 1996, 1997 and 1998. Using the estimate of fire frequency arrived at, together
with the event tree presenting the different fire scenarios, the costs of the sprinkler
alternative, and the uncompensated losses associated with each fire scenario made it
possible to estimate the CE for each of the two decision alternatives (step 4. in Fig. 2).
This involves calculating the expected utility of one fire and then multiplying this value
with the expected number of fires during the time period of interest. Note that one can
regard losses occurring late in the period of interest as being less severe than those
occurring earlier. This is discussed in detail in [20].

N\

Fire Fire scenarios

>Certainty Equivalent ($)

Frequency of fires: X fires per year
Costs: Investment costs, maintenance costs, etc.

Time period of interest: Y years J
Fig. 3 Illustration of the calculation of the Certainty Equivalent of a decision
alternative.

The results of the CE calculations indicated the decision alternative of investing in a
sprinkler system to have the highest CE, and thus the highest expected utility (step 5. in
Fig. 2).

In order to determine whether the decision of choosing the sprinkler alternative was
robust, the question of how the knowledge uncertainty concerning the probabilities and
the consequences was related to the difference in CE between the MEU alternative (the
sprinkler alternative in the ABB example) and the other decision alternative was
investigated. Since many of the probabilities and consequences used to calculate the CE
(Expected utility) are uncertain, the CE is also uncertain. In the analysis, there were over
100 probabilities and consequences with a significant uncertainty regarding their values.
One of those was the probability that the occupants would extinguish a fire in a particular
storage room given that the smoke detection system functioned as intended. This
conditional probability was estimated to be somewhere between 0,2 and 0,6, with a most
likely value of 0,4. If the smoke detection system did not function as intended the
probability was estimated to be somewhere between 0,1 and 0,3 with a most likely value
of 0,2. This kind of uncertainties was modelled using triangular distributions representing
the probabilities when the calculation of the CE was performed. By use of Monte Carlo
simulation (5000 iterations), the histogram presented in Fig. 4, showing the differences
between the two decision alternatives in terms of CE could be obtained (step 6. in Fig. 2).

Figure 4 illustrates that the decision to invest in a sprinkler system for the ABB building
is robust (compare Fig. 4 to Fig. 1) since all the values from the Monte Carlo simulation
indicate that the sprinkler alternative has the highest CE (step 7. in Fig. 2). Figure 4 also
shows that the difference between the two decision alternatives, in terms of CE, is
substantial. The mean value of the difference is approximately $3,1 million. Two reasons
for the large difference in CE is that a serious fire in the building would cause significant
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losses for ABB (if the whole building is destroyed the uncompensated losses would be in
the order of several hundred million dollars) and that the standard of the fire protection in
the buildings original design were poor.

01 1 1 1

0.08 -

0.06 4 R

0.04 -

Probability

0.02 4 -

0 r t T
0 2 4 6 8
Difference in Certainty equivalent (Alt.1-Alt.2)
($ million)

Fig. 4 The differences in CE in the ABB example. The CE of alternative 2 (not
to invest in a sprinkler system) is subtracted from the CE of alternative 1
(to invest in a sprinkler system).

7  CONCLUSIONS
Decision analysis as applied to problems in which a decision maker is to decide between
different fire protection alternatives for a particular building have been discussed.

In connection with estimating the possible consequences of a particular fire scenario, the
concept of uncompensated losses was defined as the losses that the decision maker or
organisation in question eventually have to defray. Since it is often practical to express
such losses as monetary consequences, the intrinsic monetary value of the
uncompensated losses generally needs to be estimated and to be used in the analysis.

The question of what decision rule should be used in the present context was discussed.
Use of the criterion of maximising expected utility (MEU) being recommended. Various
of the, major criticisms of use of this criterion in the present context were presented. In
view of this criticism, it was considered to be advantageous to complement the MEU
criterion with an evaluation of the robustness of the decision. A robust decision
alternative was defined as an alternative that in terms of the MEU criterion remained the
preferred one for most of the combinations of plausible probability and utility values that
could be identified.

A real-world problem involving the evaluation of an investment in a water sprinkler
system was presented. The building in which the investment was considered belonged to
the company ABB. The investment in a water sprinkler system was found to be the best
alternative. It was also concluded that the decision to invest in a sprinkler system was
robust.
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